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Schonberger et al., Pixelwise View Selection for Unstructured Multi-View Stereo, ECCV 2016
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Trajectory Generation
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Trajectory Generation
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Sand et al., Particle Video: Long-range Motion Estimation using Point Trajectories, IJCV 2008



Trajectory Generation
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Trajectory Generation
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Trajectory Generation
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Trajectory-based Motion Segmentation
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Trajectory-based Motion Segmentation
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Vaswani et al., Attention is All You Need, NeurlPS 2017
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Trajectory-based Motion Segmentation
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Zhang et al., Learning Two-view Correspondence and Geometry Using Order-Aware Network, ICCV 2019
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Trajectory-based Motion Segmentation
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Trained only on synthetic Flyingthings3D dataset and generalize to the open world



Trajectory-based Motion Segmentation
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He et al., Mask R-CNN, ICCV 2017
Zhou et al., Motion-attentive Transition for Zero-shot Video Object Segmentation, AAAI 2020
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Evaluation — Sintel dataset
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Evaluation — ScanNet dataset
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Evaluation — In-the-wild sequences
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